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Abstract

In the manufacturing industry, maintenance ac-
tivities for machines and equipment operating at
production sites are essential for maintaining sta-
ble production of high-quality products. The con-
cept of equipment maintenance can be broadly di-
vided into three categories: breakdown
maintenance, preventive maintenance and predic-
tive maintenance. In recent years, predictive main-
tenance has been attracting attention due to the
development of the Internet of Things (IoT) and
Artificial Intelligence (AI).

On the other hand, KYB’s equipment mainte-
nance methods focus on breakdown maintenance
and preventive maintenance. In the former case,
equipment failure causes a drop in productivity
and product defects, and in the latter case, exces-
sive maintenance increases maintenance costs.

To solve these problems, we have developed an
equipment predictive maintenance system. This
system utilizes the latest technologies, including
IoT, Al and cloud computing, to build a system
with functions such as data collection, storage, fail-
ure prediction, and visualization and the system is
now in operation at a practical level. This paper
describes the basic functions developed to realize
predictive maintenance, and the operation man-
agement mechanisms and features that have been
developed for global deployment.
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