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Abstract

The future trend of Artificial Intelligence (AI)
includes the industrial application of combining Al
with Computer Aided Engineering (CAE). By in-
tegrating Al and CAE, several benefits emerge,
such as the acquisition of data through CAE that
would be impossible to obtain in the real world for
training Al models, reducing CAE computation
time by degenerating Finite Element Method

(FEM) tasks for AL

Additionally, in recent years, the automotive in-
dustry has witnessed an increased adoption of
Model-Based Development (MBD), leading to col-
laborative development where CAE models re-
place physical prototypes between departments or
companies.

To facilitate MBD and enhance the performance
prediction of our flagship shock absorber products,
we developed a technology that combines machine
learning with CAE. This allows us to predict
damping force performance metrics rapidly and
accurately. Furthermore, a system was developed
to automate the operation and management of ma-
chine learning models.

In this report, we provide a technical explana-
tion of the implementation of machine learning for
shock absorber damping force calculations and the
construction of an operational management plat-
form for machine learning models.
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